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Abstract - Personalized web search is a promising way to improve
search quality by customizing search results for people with
individual information goals. The main aim is to provide results to
users according to his interest.Unnecessary exposure will be
avoided and relevant results will be provided to the user. For the
the first time when the user fires the query , the results provided
by the search engine and the proposed system is same if the
interest specified by the user at the time of registration is not
related to the query. But when a similar query is fired again, more
relevant results will be displayed to user using vector space
algorithm and ODP, that means the links that user visits earlier
will be at the top of the webpage and rest will be listed below .Thus
Personalized web search has been effectively carried out. It is
good to use Vector Space Model and open directory project (ODP)
to obtain personalized results. This paper describes the design and
implementation of this system by using user’s information and
search behaviour.
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I. INTRODUCTION

As the amount of information on the web continuously
increases, it has become difficult for web search engines to
find information that satisfies users individual needs.
Personalized search is a way to provide personalized web
search results to the people in less time. One distinct
approach is Re-ranking query results returned by search
engines locally using personal information and another is by
user’s browsing history such as list of visited URLsS, the
number of visits to each, list of past search queries and pages
clicked for these search queries .This browsing history is
collected and stored and is visible to users in online as well
as offline mode so that user can have immediately come to
know his most favourite links. Even privacy is maintained by
login mechanism as each user can view its own history and
not of others, only after login to the application. This
mechanism prevents from revealing likes, hobbies, and
interest and search behaviour of other wusers. Thus
personalized web search aims at providing privacy to the user
along with prioritized results.

Il. MOTIVATION

As more and more users are on the web, it is increasingly
difficult to let the search engine know what we want. Re-
ranking ambiguous queries has long been an important part in
the research of Information Retrieval, but still remains to be a
challenging task. Personalized search has done significant
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efforts to take over this challenge in the web search services,
based on the fact that a user’s general preference may help
the search engine disambiguate the true intention of a query.
However, studies have shown that users are reluctant to
provide any explicit input on their personal preference. Even
M. Richardson and P. Domingos did research related to re-
ranking the pages according to queries fired by user. In this
paper, we extend this research work to depict how a search
engine can learn a user’s preference automatically based on
her past click history and how it can use the user preference
to personalize search results. Our experiments show that
users interest can be known accurately even from small click-
history data and personalized search based on user preference
will yield significant improvements over the years.

1. RELATED WORK

According to the research papers, there has been considerable
research in personalized web search. Various algorithms have
been used to re-rank the results according to user interest.
Scalability and performance issues of personalized web
search have been studied in these papers. A framework is
being provided in these papers so that the bias vector space
can be used to improve performance. Other than the
scalability studies, [12] based on query terms (but not by
individual users). In [15] with the help of user profiles
explicitly specified by the users, personalized page ranks are
computed. Researchers have also proposed ways to
personalize web search based on ideas other than PageRank
[16, 17, 18]. [17] Explores ways to consider the topic
category of a page during ranking using user-specified topics
of interest. [18] Does an analysis on the correlation between
users, their queries and search results clicked to model user
preferences. We believe this method is difficult to scale to
general search engines due to difficulty in analysis, In [19],
for example, multiple TF-IDF vectors computed, each value
represents the user’s interests in one area. In [20] pages
visited by the user is categorized by their similarities and
then compared to a set of pre-categorized pages, and user
preferences are shown by the topic categories of pages in her
browsing history. In [21] the user’s preferences are learned
from both pages she visited and those visited by users similar
to her (collaborative filtering). Our work is slightly different
from these studies, in that personalized results are obtained to
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user’s based on its interest using open directory project and
vector space algorithm.
IV. PROPOSED METHODOLOGY
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BLOCK DIAGRAM OF PROPOSED SYSTEM

The Proposed system mainly consists of eight modules
having the following functionalities which help us in getting
crisper and prioritized results based on user interests and
behaviour.

Module 1 - User Login

1. Accept user id and password.

2. If new user then registers along with its interest else login
directly.

Module 2 — Authentication
Verifying login id and password.

Module 3 - Fire Query
Accepting query from user & passing to the search engine.

Module 4 — Search Engine
Displaying results according to the fired query.

Module 5 - ODP
Open directory project for creating dynamic user interest
tree(hierarchical model).

Module 6 — Vector Space Model
For re-ranking results obtained from search engine based on
user interest and behaviour.

Module 7 — Results in Sorted Form
To display relevant results with higher priority.

Module 8 — Offline Mode
Storing user specified web links in our database for offline
use

Following is the illustration of the Vector Space Model used
in our system.
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This is a simplified example of the vector space retrieval
model.

Query fired through the application to the search engine is:-
Q: “what are apple company products?”

These are the five documents obtained as a result of firing the
query to the search engine

D1: “apple is a fruit”

D2: “apple fruit is red”

D3: “it is good for health”

D4: “apple is a multinational company”
D5: “iphone is apple company product”

The grammatical connectives are truncated in query as well
as the documents as shown below:

Q: “apple company products”

D1: “apple fruit”

D2: “apple fruit red”

D3: “good health”

D4: “apple multinational company”
D5: “iphone apple company product”

The truncated documents will be re-ranked using the
following steps in vector space algorithm:-

Stepl: we calculate the idf(inverse document frequency)
values for the terms in the document. From these idf values
we come to know the number of times a term occurs in entire
list of documents.

Step 2: we calculate the tf (term frequency)scores for all the
terms in the document . From these tf values the occurrence
of a term in each document is known.
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Step 3:now we multiply the tf scores by the idf values of each
term, obtaining the following matrix of documents-by-terms:

Step 4:we calculate the score for the truncated query in order
to find how many times the terms in the query match with
those in the document .

Step 5: we calculate the length of each document and of the
query:

Step 6: then the cosine similarity values are computed to
rank the documents based on their maximum match with the
terms in the query .

Then according to highest value of the similarity values, the
documents are re-ranked in their descending order

Thus the final order in which the documents are presented as
result of the query will be: d5, d4, d1, d2, d3.

D5: “iphone is apple company product”
D4: “apple is a multinational company”
D1: “apple is a fruit”

D2: “apple fruit is red”

D3: “it is good for health”

V. SIMULATION/EXPERIMENTAL RESULT

When the query “Cloud Computing” is fired for the first
time. The results displayed in our system are in the same
order as that of which are provided by our search engine i.e
Google.
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When the user clicks on several links, the pages visited by
him are being prioritized depending upon the number of
times he has visited those pages.
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Below we can see our database where the links and the
number of times they have been hit by the user is displayed
in the backend.

e . S Comeanty [t mone - Sendicotin B -
ta ds e Lot Ttk Ueen Bk Peewmec Wedee g
| et A S e - - o= il W T

o 4

As we can see the Amazon website has been viewed twice by
the user, and the tmcnet website has been viewed only once.
Thus, the amazon link will be prioritized and will be
displayed at the top, and the tmcnet website will be displayed
at the second position. Following will be the other results
provided by the search engine.

We can see the re-ranked results below.
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VI. CONCLUSION

The use of Internet in the recent years is growing rapidly
which makes the need of a technique which can give accurate
and relevant results to the user. Even though there are many
search engines currently present, it has been observed that
they fails to capture user’s preference and behaviour and
hence the search results may or may not provide relevant

results to the user. In this paper, hence we proposed a
possible technique such as vector space algorithm and open
directory project which can give users an experience of
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personalized web search and ultimately users can get what
they want in a crisp manner in shorter time and fewer clicks
as well.

VI. FUTURE SCOPES

In future, image or logo can be added along with the query
so that it will guide the user to get the desired information in
a very specific context with comparably less effort.
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